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train_weight = compute_sample_weight(class_weight='balanced',
y=y_train).astype('float32')
lgb_train = lgb.Dataset(X_train, y_train, weight=train_weight)
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lgbm_param = {" s", "ve “num_cla "“metric": "multi_logloss"}
model = lgb.tra

.argmax(y_pred_val, axis=1)
y_pred_test_max = np.max(y_pred_val, axis=1)

| for 1 in range(len(y_pred_val)):
if y_pred_test_max[i] <
y_pred_val_class[i] =
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=> 0.645)
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X_train_with_un_test =
y_train_with_un_test =
y_train.reshape(y_trai

final_pred_un_class.res} inal_pred_un_class.shape[0], 1),
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De

final_pred_pb_class[pb_1idx].reshape(final_pred_pb_class[pb_1idx].shape[0],
1)

)
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class StringsFeatureExtractor(FeatureExtractor):
feature_name = "strings"

rd_length(strings: List[str]) -> int:
verage_word_length("\n".join(strings))

@staticmethod
def has_nanocore_sig(strings: List[str]) -> int:
return if "NanoCore" in "\n".join(strings) else

@staticmethod
def has_getantivirus_sig(strings: List[str]) -> int:
return if "GetAntiVirus" in "\n". (strings) else
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